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Abstract
Refugees and internally displaced people (IDPs) are not always safe where they resettle in ethnic civil wars, in which civilians’ identities overlap with the ethnic profile of
armed combatants. This article argues that IDPs are also vulnerable in non-ethnic
civil wars, through two related mechanisms that indicate civilians’ loyalties: (1) where
the displaced are from and when they left; and (2) resettlement patterns. The first
can suggest loyalties when the displacement is associated with territorial conquest and
expulsion of suspected sympathizers. In turn, the displaced would be considered disloyal by the armed group responsible for the expulsion, and could be subject to further
violence where they resettle. The second mechanism relates to the first: if displaced
civilians are considered disloyal, then resettling with other, similarly stigmatized civilians can improve their security by reducing the household’s risk of discovery. However,
clustering together with other IDPs can have a perverse effect: even though living in an
enclave may reduce a particular household’s likelihood of suffering violence, the group
itself is endangered because it is more easily detected. Armed groups can collectively
target IDPs who resettle in clusters, either for strategic or retributive reasons. Implications of the argument are tested with detailed sub-national panel data on IDP arrivals
and massacres in Colombia, and the analyses provide support for the argument. The
findings indicate that collective targeting of IDPs occurs even in civil wars without an
ethnic cleavage, following voluntary resettlement patterns, and reinforce IDP security
as a policy priority.
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“‘Safety?” The wife of Pablo
said. “There is no such thing as
safety. There are so many
seeking safety here now that
they make a great danger.”’
Ernest Hemingway, For Whom
the Bell Tolls
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Introduction

In 1997, as the civil war in Colombia was intensifying, 42 families sought refuge from violence in a home for the elderly near Medellı́n. Soon they received written threats from
counterinsurgents that warned they would be killed unless they left the home within two
weeks (Amenazan con masacre desplazados de Uraba, 1997). The ethnicity and religion of
the internally displaced people (IDPs) did not exclusively overlap with one side or the other
fighting the war, which could make them vulnerable to attacks, as in wars like Bosnia’s and
Iraq’s (e.g., Weidmann and Salehyan, 2013). Why would counterinsurgents threaten the
IDPs who had resettled together, far from their homes?
This article explains why and how IDPs become endangered, even in civil wars that are
not defined by an ethnic or sectarian cleavage. The timing of displacement, and where
an IDP is from, can signal IDPs’ loyalties. This is possible because territorial conquest is
typically accompanied by displacement, and those who are expelled are often assumed to
have collaborated with the ‘losing’ side. As a result, IDPs looking for new places to live carry
a stigma and are vulnerable to further violence. Armed groups could target them either for
strategic purposes - for instance, to prevent their permanent settlement in an area the armed
group was trying to control - or because of animosity and revenge.
Because IDPs know they are at risk of detection and possible violence, they have to
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choose where to resettle carefully.1 When armed groups collectively target civilians, based
on a group-level, shared characteristic, the best options for a household’s safety is to move
towards others similarly targeted to avoid detection, or to an armed group’s stronghold
for protection (Steele, 2009). However, while households might reduce the odds that they
will suffer direct violence by ‘hiding’ among others like them, this strategy endangers the
group because it provides a more visible target to armed groups. This dynamic is likely
even in non-ethnic conflicts, because displacement itself can indicate loyalties, rather than
an observable trait. Where such loyalties are perceived as threatening to armed groups
contending for territorial control, or the object of animus, violence against group members
becomes more likely. An implication of this argument is that rather than securing safety in
new communities, greater numbers of IDPs should be associated with a higher probability
of observing collective targeting, all things equal.
To test the implications of the argument, I exploit fine-grained spatial and temporal variation in civilian resettlement and violence in the Colombian civil war. I create a panel dataset
of municipality-months and analyze the relationship between IDP arrivals in municipalities
and the probability of subsequent violence. The results are consistent with the theory: the
probability of violence increases in municipalities where IDPs seek refuge. Further, the probability of violence increases as the ratio of IDPs from the same municipality - an indicator
of IDP clustering - increases.
The article makes three central contributions. First, it identifies new factors that contribute to variation in civilian victimization in civil wars: the timing and origin of displacement, and resettlement patterns. These displacement circumstances and resettlement
patterns endanger civilians by signaling their loyalties, even in the context of non-ethnic civil
wars. The logic of the argument is general and should apply across civil wars: when civilians’
loyalties are suspect, because of the timing of their displacement, or their ethnicity or sect,
1

Resettlement occurs when a displaced person establish residence in a new location, distinct from their
place of origin. If the location is in a new country, the person is recognized as a refugee; if it is within the
home country, the person is an IDP. This article will focus on civilian-led resettlement, in which IDPs choose
where to go, rather than state-led resettlement programs, in which civilians are forcibly relocated.
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they have incentives to resettle together. Armed groups, in turn, can more easily target
clusters of resettled civilians with collective violence. Second, the article analyzes patterns
of resettlement and ensuing violence with micro-level, quantitative data from within one
civil war, extending the empirical evidence for IDP and refugee insecurity to a new conflict.
Third, it raises an important policy issue: the vulnerability of IDPs not just to poverty, but
also to security risks.
The article is divided into three remaining parts. In the next section, I review the literature
and outline my theory to explain how resettlement can endanger IDPs even in non-ethnic
civil wars. The subsequent section presents the empirics and analysis, as well as a discussion
of results and caveats. The fourth section concludes.

2

The dangers of displacement in recent literature

Displacement – civilian migration that is provoked by an armed group or groups during a
civil war – is often referred to as civilian ‘flight’ from violence. But scholars have shown
that even when the displaced cross international borders they do not necessarily escape violence (Lischer, 2005; Muggah and Mogire, 2006; Onoma, 2013; Salehyan and Gleditsch,
2006; Savrun and Gineste, 2016; Terry, 2002). A growing body of literature also links internal displacement to violence, primarily through IDPs’ participation in rebel groups (Bohnet,
Cottier and Hug, 2013) or self-defense forces (Muana, 1997; Muggah, 2006), but also by association with negative externalities (Choi and Piazza, 2016). In Iraq, Lischer (2008) and
Weidmann and Salehyan (2013) find instead that increased violence is the result of IDP
victimization. Lischer warns that segregation could worsen sectarian victimization in the
future, but Weidmann and Salehyan conclude that violence should decline after segregation
has been established. Balcells, Daniels and Escribà-Folch (2016) find that in Northern Ireland, intergroup violence does not decline with segregation. The distinction seems to turn
on the motivation underlying the violence: if it is strategic, it is likely to decline into a
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balance-of-power equilibrium; if it is driven by enmity, segregation should not lead to the
decline of violence between the two groups, but should be ongoing.
In Iraq and Northern Ireland, the likelihood of ongoing victimization was linked to civilians’
identities, because being Sunni or Shia, Protestant or Catholic, connected individuals to the
warring armed groups. But what happens in civil wars without an ethnic or sectarian
cleavage? The relative safety of refugees in non-ethnic civil wars tends to be assumed,
because the sources to identify the potentially disloyal are typically assumed to be ascriptive
traits, rather than those that emerge from the war itself, or from political identities, which
are harder to observe. Yet recent research suggests that such targeting is also possible in
non-ethnic civil wars (Balcells, 2017; Balcells and Steele, 2016; Steele, 2011). In this article,
I extend these insights to IDPs and argue that the timing and place of displacement can
indicate civilians’ loyalties in ways that make them vulnerable to future violence. The next
section builds on the literature and derives testable hypotheses.

3

Resettlement and collective targeting

I argue that the circumstances of displacement and resettlement can signal loyalties to armed
groups and complicate the ability of the displaced to find safety, even in the absence of
attributes like ethnicity or sect. The displaced could be vulnerable to violence because of
vengeance or animosity, but also for strategic purposes, particularly in irregular civil wars.
In irregular civil wars, armed groups compete for territorial control, but not by attacking
each other head-on (Kalyvas, 2005). Instead, weaker insurgents avoid confrontations with
stronger state armed forces and its allies by blending in with civilians. In the quest for
territorial control, armed groups try to identify their opponents’ civilian supporters and seek
to expel or kill them. Fewer ‘disloyal’ civilians in a territory facilitates control, because the
rival armed group will be deprived of material and intelligence assistance, and sympathetic
civilians will feel safe enough to collaborate. However, loyalties cannot be observed directly,
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so armed groups rely on perceptions. Loyalties are signaled by membership in a group:
ethnic groups and sects can be perceived as unreliable, but so can neighborhoods, unions,
and political party supporters (Steele, 2009, 2017).
To eliminate the disloyal civilians from a territory, armed groups employ collective targeting. Collective targeting defines some civilians as legitimate objects of violence based on
a group-level, shared characteristic (Gutiérrez Sanı́n and Wood, Forthcoming; Steele, 2009;
Wood, 2010). In other words, people in the targeted group are targeted because of their
membership in the group.2 Collectively targeted violence can include lethal and non-lethal
forms, and they often coincide. For example, some members of the targeted group may be
killed, at the same time that threats or orders to leave a community are issued to other
members of the group. Armed groups use collective violence to expel disloyal civilians from
a community (Steele, 2011, 2017).
For those civilians who leave, they face a new challenge: securing their safety.3 Resettling
alone is risky, because individuals living in new communities can be ‘discovered,’ either
based on the timing of their arrival and their region of origin, or based on their appearance
or language. In turn, the resettled could be at risk of more violence. For example, the US
Committee for Refugees noted that:
Uprooted Burundians of one ethnic group are often regarded as dangerous by
members of the other ethnic group. The military suspects that many internally
displaced Hutu are rebels. Many Hutu suspect that camps of displaced Tutsis
are bases for militia activity (USCR, 1998, 54).
Even in non-ethnic civil wars, the displaced can be linked to one side fighting in the war.
Accents and dress, for instance, can indicate regions of origin. The timing of arrival can also
be linked to campaigns of conquest in nearby regions. For example, in India Suykens (2011,
124) cites a government official’s perception that displaced civilians from Chhattisgarh in
2

This characteristic is similar to the defining feature of ethnic violence in Brubaker and Laitin (1998).
In contrast to Moore and Shellman (2006), I offer a logic of resettlement, rather than types of destinations such as within the country of origin or across a border.
3
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Andra-Pradesh are Naxalites, seemingly by virtue of being displaced. Stepputat (1999, 64)
finds that the decision to leave a community in itself signaled loyalties during the Guatemalan
civil war. In December 1997, paramilitaries in Colombia killed forty IDPs in a settlement
in Urabá, ‘whom they consider collaborators of the guerrillas’ (Cruenta incursión de los
paras en Urabá, 1997). These stigmatized households have incentives to join others similarly
targeted in order to reduce the risk of violence to their household.
When civilians’ loyalties can be inferred, either through ascriptive characteristics or the
circumstances of their displacement, then I expect that IDPs and refugees will cluster together, rather than risk being discovered on their own.4 The cluster can either emerge
autonomously with other civilians, or in a stronghold of an armed group. As group-level
identifiers are more physically apparent, households outside clusters will face greater risk of
detection and violence. However, both civilians with ascriptive traits that tie them to one
side of a cleavage in the war, and those who have been displaced and are suspect as a result
of their place of origin and timing of expulsion, have incentives to cluster together for safety.
In the latter, enclaves and camps become associated with IDPs from certain regions. For
instance, among the settlements that grew in the comunas around Medellı́n in the 1990s,
some were associated with IDPs from the Chocó region, while others were known as areas
where people from Eastern Antioquia arrived. Seeking protection by an armed group should
also lead to patterns of clustering. In Burma, for instance, the Karen National Union (KNU)
strongholds allowed ‘Karens displaced or disturbed by military action [to] relocate deeper
into the mountains, that is, deeper into KNU territory [. . . ]’ (Cusano, 2001, 145).

Clustering and collective targeting
Clustering together in neighborhoods and communities can have a perverse effect: even
though resettling with others might reduce any particular household’s probability of suffering
4

This expectation is observationally equivalent to theories that expect people to resettle with others like
them as a result of social and economic networks. People tend to relocate to areas where they know at least
one other person (Salazar, 2008).
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violence, all else equal, the community may be more endangered (as Pilar feared in For Whom
the Bell Tolls). Why would armed groups target IDPs collectively?
The literature on mass violence during civil wars identifies several mechanisms that potentially trigger collective violence. Because clusters of IDPs could be perceived as supporters
of an armed group, a rival armed group might target them to punish its adversary (Fjelde
and Hultman, 2014; Sánchez Torres and Salamanca Núñez, 2007; Sullivan, 2012). The IDPs
might also be seen as supporters of insurgents, who could become victims of a state strategy
to target them in order to defeat the insurgents (Valentino, 2004; Valentino, Huth and BalchLindsay, 2004). Collective targeting may be one way to deter civilians from collaborating
with rival armed groups in the future (Downes, 2008; Ziemke, 2012), or to punish perceived
defections in the past (Kalyvas, 1999). The bulk of recent literature on mass violence treats
it as a strategic choice, but hatred, revenge, and fear may also play a role (Balcells, 2017;
Bulutgil, 2015; Petersen, 2002; Suárez, 2007). Any combination of these mechanisms could
be triggered by the arrival of a suspect group of civilians to a new locality.
The logic of IDP targeting illuminates observations from various wars about dangers civilians face even after leaving their communities. For example, Fellman (1989, 75) notes that
‘[. . . ] flight became a part of war rather than an escape from it’ in Missouri during the US
Civil War. During the civil war in Guatemala, Stepputat (1999, 68) finds that the army
pursued expelled populations. In Colombia, Francis Deng (1994, 66), the UN Rapporteur
for Internal Displacement noted in 1994 that ‘Often, fleeing does not result in an end to
persecution.’ Specifically, the likely persecution is collective violence.
The timing of individuals’ displacement could indicate their loyalties in the civil war, and
make them suspicious. As the group grows larger, the easier it will be to identify it. This
leads to H1 :
H1 : The probability of collective violence increases as the number of internally
displaced increases in a given community.
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The corollary to the first is hypothesis 2: in addition to the timing and scale of IDP
arrivals, the place of origin may be an additional signal of loyalties that endangers the
displaced. Further, the probability of violence should increase as the concentration of IDPs
from a particular place increases, since it will be easier to detect them. Alternatively, many
IDPs arriving from many different locations will attenuate their risk.
H2 : As the proportion of IDPs to places of origin increases, the probability of
collective violence increases.
Finally, I discussed above the possibility IDP clusters could be targeted for strategic
purposes, or because of revenge or animus. These motivations have different observable
implications: if violence is predominantly strategic, then it is most likely to occur where
armed groups calculate that it will have an impact on their chances for territorial control. If
enmity or vengeance drives the violence, then its likelihood should not be linked to the size
of the cluster. In contrast, very large enclaves are less likely to be effective targets of strategic
collective violence, because it will be costly to apply enough violence to force settlers to leave
again. This possibility modifies H2 slightly, which I take into account in the next section.

4

Empirics

The argument suggests that collective violence should be more likely where IDPs resettle
together. To test the hypotheses, I use data on IDP resettlement and violence in Colombia.
Colombia is an appropriate setting to test the theory, because it is an irregular, non-ethnic
civil war with resettlement that is not directed by a large-scale program. All three characteristics are important. In irregular civil wars, the involvement of civilians in territorial
competition between armed groups implies that where civilians resettle will be relevant for
armed groups, so they may have strategic incentives to target IDPs. The main cleavage of
the war is not related to any ascriptive trait, which makes it a “least likely” case: evidence of
collective targeting against IDPs in the context of Colombia would indicate that it is likely
8

in other settings in which IDPs’ loyalties are more easily inferred. It would also be indirect
evidence that displacement and clustering per se can endanger civilians. Additionally, unlike
in conflicts such as Ukraine (Zhukov, 2014) and Guatemala (Sullivan, 2012), the Colombian
state did not forcibly resettle IDPs (Muggah, 2000). Rather, IDPs chose destinations on
their own, usually at the household level. The argument presented here does not depend on
visible, established resettlement camps to invite violent attacks, but identifies how independent decisions about resettlement can lead to dangerous outcomes for the group. Finally,
Colombia collects micro-level data on internally displaced people. Before introducing the
data and the empirical strategy, I provide a brief overview of the Colombian civil war.

4.1

The Colombian civil war

Over the past 30 years, the civil war in Colombia has produced one of the highest levels of
internal displacement in the world, reaching a peak in the early 2000s. Insurgent groups in
Colombia formed in the 1960s, but widespread civilian displacement only started to increase
in the late 1980s after the formation of “self-defense forces.” These groups formed in some
regions in response to the insurgents’ increasing presence, narco-traffickers’ expanding land
claims, and in the absence of an effective state response (Romero, 2003). Eventually they
became counterinsurgent militias known in Colombia as paramilitaries.
Insurgents, especially the Revolutionary Armed Forces of Colombia (FARC), and paramilitaries expanded throughout the 1990s. The displacement of civilians coincided with this
expansion and the increased violence that accompanied it.5 The violence ebbed following a
peak in 2001 and 2002, and soon after, paramilitary groups agreed to demobilize in exchange
for light prison sentences for commanders.
In all, roughly 4 million people, nearly 10% of the total population, were displaced between
1988 and 2006, when paramilitary demobilizations were officially completed, and the time
5

Elsewhere I argue that the war expanded because paramilitaries sought to politically cleanse territories
of civilians perceived to be loyal to the FARC (Steele, 2017).
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period for which I have disaggregated data. Figure 1 shows the annual scale of displacement,
as recorded by the Bogotá-based NGO CODHES and the Colombian government.6
[Figure 1 about here]
In Colombia, though the central government does not organize resettlement, it does respond to displacement. In 1997, the government began registering IDPs. Individuals approach a branch of the Department of Social Prosperity (DPS) to register in the Unique
Registry of Victims (RUV). Officials in regional offices then review the application to assess
whether or not the claim of displacement is credible. If the application is found to be reliable,
then the household enters into the RUV and becomes eligible for humanitarian assistance.
The RUV contains 2.9 million people between 1997 and 2007, which the agency acknowledges
is incomplete.

4.2

Data

The data on displacement, resettlement, and violence in Colombia are among the richest
available. I test the hypotheses using a panel dataset of resettlement and violence at the
municipality-month level between 1998 and 2006.7

Dependent variable
As a proxy for collective targeting, I use massacres. They are an appropriate indicator of the
kind of violence I expect to observe if the argument is correct, because on average, collective
targeting will victimize multiple people. The data on massacres come from the Human
6

CODHES estimates the number of arriving IDPs into municipalities though its network of NGO and
Catholic church affiliates. It therefore estimates frequency of displacement, not number of displaced households (because households can be counted more than once). The Colombian government records displaced
households in its RUV. Both estimates are included here to provide a sense of the possible scale of displacement in Colombia.
7
The panel is unbalanced, because 21 new municipalities were created between 1998-2006. The total
number of observations is 118,548.
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Rights Observatory (HRO) in the office of the Vice President. The HRO collected data from
the Colombian security agency, the police, and human rights organizations. Massacres are
supposed to enter the dataset when three or more people are killed in one day, in one location,
and are recorded by the municipality and date. An alarming 1,339 massacres are recorded
between 1998-2006. Still, the mean of massacre observations in a municipality in a given
month is 0.011, with a standard deviation of 0.120. Massacres committed by all armed actors
in the Colombian conflict are included in the dataset: the paramilitary umbrella group the
United Self-Defense Forces of Colombia (AUC), the FARC, the National Liberation Army
(ELN), or the military. Unfortunately, the data are not accurate enough to disaggregate by
perpetrator: 66% are identified as “delinquency” rather than a specific armed group.
The main dependent variable is Massacre dummy, which I created by first aggregating the
data to the municipality-month level, and generating a count variable, Massacres. When
Massacre is greater than zero - in other words, when at least one incident of mass violence
in one municipality-month was recorded - I coded the Massacre dummy variable as a one.
A dummy variable is appropriate because I expect a massacre to be more likely, but not
necessarily increasing in frequency as the number of IDPs increases. Further, this blunter
measure increases the reliability of the indicator. Though event size bias makes massacres
more likely to be captured accurately than other forms of lethal violence, missing data is still
a concern (Price and Ball, 2014). By reducing precision, we are more likely to avoid errors
associated with missing data. (The Appendix includes alternative indicators and measures of
collective targeting, including the Massacre variable, the massacre rate per 100,000 residents,
and homicides. The results are consistent across measures.)

Independent variables
The main independent variable comes from the RUV dataset on internally displaced people
within Colombia. IDPs is the aggregate registered IDP households by month and arrival
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municipality between 1998-2006.8 For the analyses, I use IDP hh, t-1 (log), which is the
number of IDP households arriving in a municipality-month, lagged one month and logged
in order to account for over-dispersion.9 As indicated in Appendix Table A.1, the mean of
arriving IDPs in one month is roughly 4.5 households, with a standard deviation of about
31.
To test H2 , I create an indicator of IDP clusters from the same dataset. Clusters of IDPs
from the same municipality should be more vulnerable to collective targeting. IDPs per
Origin measures the ratio of IDPs per place of origin for the arriving IDP population. This
variable was created by summing all of the arriving IDPs per month, and dividing by the total
number of recorded municipalities of origin for that month. In order to capture substantive
effects, the variable is standardized. One standard deviation is 10, meaning 10 additional
people per place of origin. The expectation is that as the ratio of people arriving to places
of origin increases, the probability of a massacre will also increase. In contrast, when IDPs
arrive from many different places, it should dampen the risk of a massacre, because it will
become more difficult to infer loyalties.
To try to disentangle the mechanism driving the violence, I include a squared term of
IDPs per Origin in the models. If collective violence against IDPs is primarily strategic,
rather than retributive, we should see some indication of a curvilinear relationship between
the cluster indicator and the probability of a massacre.

Controls
Control variables fall into three groups: violence, poverty, and geography. To control for
past violence in a municipality that could be related to the probability of a massacre, I
include Homicides, collected by the HRO. The measure includes any murder recorded by the
police in the municipality, lagged one month. I also include the violent events attributed to
8

Some households only consist of one individual. Households are the appropriate unit because adults
decide where to resettle, and are the primary targets lethal violence.
9
The histogram of IDP households is included in the Appendix.
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paramilitaries and the FARC in that municipality, lagged one month.
Massacres might also depend on the historical presence of insurgent or counterinsurgent
forces (Sánchez Torres and Salamanca Núñez, 2007; Sullivan, 2012). To indicate presence,
FARC events, cumulative is the total number of events attributed to the FARC, starting in
1998, and Paramilitary events, cumulative is the total number of events attributed to the
paramilitaries beginning in 1998. Both variables are lagged one month. The data come from
the HRO.
Poverty and economic activity could be linked to the probability of a massacre, to the
extent that less well-off municipalities suffer higher levels of violence. NBI is an indicator of
poverty calculated with 1993 census data. It reflects the proportion of the population whose
basic needs are unmet in a municipality, so the higher the value, the worse the poverty. The
ICA is the commercial tax collected in the municipality (in 1,000s of pesos), and reflects
economic activity. While the NBI indicator is constant, ICA varies annually.
A subset of the controls could influence both resettlement locations and the probability
of massacres. Population is the municipal population in 1993, based on the census, and
I use the natural log. More populous municipalities could have a higher probability of
massacres, and may also be more attractive to IDPs for perceived security or access to
benefits. Larger municipalities may similarly correlate with both massacres and resettlement,
so I include Area, which is the size of the municipality measured in squared kilometers. More
remote municipalities may be attractive destinations for some IDPs, but also leave them more
vulnerable to armed groups. In include three indicators of accessibility: Elevation, measured
in kilometers above sea level, Distance, kilometers to the nearest departmental capital, and
Roads, the amount of paved roads in 1995 in kilometers. These variables were all provided
by CEDE, a development economics institute at the Universidad de los Andes in Bogotá.10
The descriptive statistics are presented in Appendix Table A.
10

The CEDE has a databank available at: https://datoscede.uniandes.edu.co/.
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4.3

Analysis

To test H1 , that an increase in IDP arrivals is likely to increase the probability of collective
targeting, I regress if a massacre occurred on the total IDPs who arrived in the municipality
one month prior. I estimate several models, first accounting for temporal dependence and
then addressing spatial dependence. The first models are time-series cross-sectional with
a binary dependent variable (BTSCS). This can be problematic, and the best approach is
contested (See Beck and Katz (2001) and Green, Kim and Yoon (2001)). I begin with the
BTSCS approach advocated by Beck, Katz and Tucker (1998). Regular logit models are
inappropriate because they assume independence across observations, and in many cases of
binary outcomes, especially rare ones, such an assumption is violated. Severe inconsistency
is the result of such a violation, as well as an inflation of the effects. Instead, Beck, Katz
and Tucker (1998) argue that in the case of rare events (as with massacres), BTSCS models
are equivalent to hazard models, and can be estimated as such to account for potential time
dependence. Included in the Table I models is Timecount, the time passed since the last
massacre in a municipality. In addition, I include the recommended splines.
An alternative strategy is to employ fixed effects, which exploits temporal variation within
municipalities for inferential leverage. The advantage of this approach is that it reduces concerns of omitted variable bias due to unobserved heterogeneity across municipalities (Green,
Kim and Yoon, 2001). The trade-off with this approach is substantial loss of variation. The
analyses focus only on the subset of municipalities with a propensity for massacres, and test
whether or not IDPs and IDPs per origin increase the probability of a massacre within that
subset.
One concern we might have with these approaches is the possibility that violence is temporally and spatially correlated. Theoretically, an alternative account could be that IDPs
simply move ahead of the violence of the war, which spreads shortly after. Further, it is
logistically easier for armed groups to project over shorter distances, so a massacre in one
municipality may make neighboring municipalities more likely to experience one as well. To
14

address this concern empirically, I model spatial dependence.11 This is not straightforward
for non-linear panel models: simply incorporating a spatial lag directly into the model will
produce inconsistent results (Franzese Jr, Hays and Schaeffer, 2010; Ward and Gleditsch,
2008).12 One way to avoid this is to use a two-stage model. In the first stage, the spatial
lag is regressed on covariates in the full model.13 Based on the first-stage results, predicted
values of the spatial lag are generated. The second stage then incorporates the predicted
values of the spatial lag into the main model.

4.4

Results

The results from the BTSCS and fixed effects (FE) models are presented in Table I. Group
A is a simple bivariate test, and Group B includes geographic and poverty controls. Group
C includes violence, geographic, and poverty controls.
[Table I about here]
The key variable of interest - IDP arrivals one month prior - is statistically and substantively significant across most models. The full model BTSCS specification, Model 5, indicate
that for an approximately 3-fold increase (the natural log base is approximately 2.72) in the
number of displaced households arriving to the municipality the previous month is associated
with an increase in the the probability of a massacre by 19.5%. Figure 2 plots the predicted
probabilities for different values of IDP households based on Model 5.14
[Figure 2 about here]
Model 6 presents the results from the full logit model with municipal fixed effects. The
results show that the effect of IDP arrivals on the probability of a massacre is positive,
11

Diagnostic tests for spatial dependence exist, though not for panel data. See Pesaran (2004).
See fei Lee and Yu (2010) for a discussion of modeling spatial dependence with panel models.
13
The spatial matrix used here to generate the lags indicates municipalities that share a boundary. This
approach roughly follows the one recommended by Ward and Gleditsch (2008, 34).
14
The figure was created using marginsplot in Stata12, and based on Model 5 using the logit rather than
xtlogit command, in order to use marginsplot.
12
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but does not reach conventional levels of statistical significance. It is possible that the
neighborhoods in which massacres occur are important, which is reflected in the spatial lag
models below.
Violence, as indicated by Homicides, is positively associated with the probability of a
massacre, but not statistically significant. FARC events and Paramilitary events also have
a positive association, though the insurgents’ recent activities are sensitive to the specification, and recent paramilitary events have a stronger association with massacres. Cumulative
FARC events reaches statistical significance in Model 6, but is substantively negligible. Otherwise, the cumulative violence variables are not statistically significant.
Poverty as estimated by NBI does appear to have a slightly negative impact on the probability of a massacre, and greater economic activity is associated with a higher probability of
a massacre, but it is substantively insignificant across models. More populous municipalities
are likelier to have massacres than less populated ones, as are larger municipalities, though
the substantive effect is close to zero. Accessibility, captured by Distance and Elevation,
are not significant, and though Roads is, it is substantively unimportant. Finally, Timecount, the time since last massacre is negative as expected: municipalities with long periods
without massacres are less likely to experience a massacre. Splines 1 and 2 are statistically
significant, but substantively negligible (they are not displayed in the tables).
Table II displays the results of the spatial dependence models with BTSCS specifications.
The results from the second-stage model is comparable to the models without the spatial
lag. An 2.7-fold increase in IDP arrivals is associated with a 12% increase in the probability
of a massacre.
[Table II about here]

Clusters of IDPs
To test the second and third hypotheses, I repeat the analyses with IDP per Origin and
a squared term in models 2 and 4; the results are presented in Table IV. Odds ratios are
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presented to ease interpretation; values greater than one are positive, and less than one are
negative.
IDPs per Origin is positive, and substantively and statistically significant. The magnitude
of the odds ratio depends on the model specification. In the full BTSCS model (5), an
increase of one standard deviation in the proportion of IDPs per origin (ten additional
households per origin) is associated with an increase in the probability of a massacre of
roughly 20%. The fixed effects model dampens this effect, but it remains quite large: the
probability of a massacre increases by roughly 14.5% with each additional ten households
per origin.
The analyses also suggest that violence against IDPs in the Colombian context is more
often strategic than retributive: as the group size reaches a substantial size, the likelihood
of an attack declines, as the squared term is negative and significant.
[Table III about here]
The coefficients on the control variables in Table III are largely similar to those in Table I.
Violence is positively associated with the probability of a massacre, though the magnitude
is smaller than the effect of IDPs per Origin. Further, only Paramilitary events retains its
significance in the fixed effects model, and is associated with a nearly 3% increase in the
probability of a massacre. Cumulative violence is not statistically significant, save for past
insurgent events, which reaches statistical but not substantive significance in the fixed effects
model.
The geographic controls indicate that the size, location, and population are all positively
associated with a higher probability of a massacre. Municipalities with larger populations
are substantially more likely to experience a massacre. Accessibility, as indicated by Elevation and Distance, does not seem to have a relationship with massacres; though Roads
is statistically significant, it is not substantively important. Poverty controls indicate that
poverty appears to be unassociated with the probability of a massacre.
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I also repeat the 2-stage spatial lag models; results are provided in Table IV, and as with
the IDP arrivals, remain substantively similar to the results in Table III.
[Table IV about here]
Taken together, these results provide support for the argument: IDPs who resettle together are vulnerable to collective targeting.15 I tested two implications of the theory: (1)
an increase in IDPs generally should correlate with an increased probability of collective
targeting, indicated by massacres; and (2) an increase in the ratio of IDPs to municipalities
of origin should also be associated with an increase in the probability of collective targeting.
The results are robust to the inclusion of several control variables, and to controls for temporal and spatial dependence. The next section probes the results further with qualitative
evidence.

4.5

Discussion: caveats and qualitative evidence

Though the results of the quantitative analyses are consistent with my argument, they
depend on a key assumption: that massacres following IDP resettlement reflect collective
targeting against IDPs. In the absence of more fine-grained, reliable data, I assess the
plausibility that the analyses reflect the mechanisms of the theory by consulting press and
NGO materials.
There is evidence of violence against IDPs in Colombia, particularly by paramilitary
groups, and often because of their status as IDPs and their presumed loyalties. Roldán
(2009) writes that in 2001, paramilitary leader Carlos Castaño dispatched members of the
AUC to Medellin to ‘finish off guerrilla nests’ - they were searching for displaced families.
In a 1998 report, Human Rights Watch (1998) cites an interview with a displaced person in
the Medellı́n press: ‘It is very difficult to live in the city. [...] On the one hand, there is the
15

Additional tests, with alternative models, violence data, and different lag times, are included in the
online Appendix.
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misery of poverty, and on the other hand the psychosis [of fear]. People from the [paramilitaries] threaten that they will come here and even things up once and for all’ (Human Rights
Watch, 1998).
Groups of IDPs were also targeted, consistent with the theory. In Barrancabermeja,
an industrial city on the Magdalena Medio River, several massacres took place in May
1998. The most affected neighborhoods ‘contained a high percentage of displaced persons
[...]’ (Hernandez Delgado and Laegreid, 2001, 210). The same year, Colombian newsweekly
Semana reported paramilitaries killed six people in the municipality of Bello, in El Piñal (a
settlement of 380 IDP families). Later, six more IDPs were taken by men wearing hoods
(and presumed killed) (Historia de una masacre, 1998). In January 2001, forty armed men
arrived in a section of Valledupar, where the ‘majority of the inhabitants [were] displaced
by the violence’ (Masacre en Valledupar, 2001). In two neighborhoods, 12 people were
assassinated, three were injured, and a grenade was detonated. Two months prior, five
people were killed. IDPs were also targeted by threatening pamphlets in Chicalá, where
leaders of the community were killed (Desplazados Amenazados, 2001). In Bogotá, threats
against the displaced were reported in 2004, which generated new displacement within the
city (Lo que faltaba: Desplazamientos internos en Bogota por amenazas, 2004). The same
year, seven people were killed in the coliseum of Villavicencio, known as a place were IDPs
sought refuge (Matanza en el Barzal, 2004).
Further, though it is more difficult to document, there is some evidence that IDPs from the
same place of origin were targeted, consistent with hypothesis 2. In April 1997, El Tiempo
reported that many of the 1,160 IDPs who arrived in Quibdó from Urabá had either fled
elsewhere or had stopped going to receive aid from the Red Cross for ‘fear of the threats they
had received from the paramilitaries’ (Desplazados en Bahia Solano son rechazados, 1997).
In its 1998 report, Human Rights Watch (1998) notes, ‘A shelter for Middle Magdalena
displaced families was the target of repeated attacks in 1996 and 1997, eventually forcing it to
close. Associations of the displaced are under constant threat, particularly from paramilitary
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groups, who have gone to camps and other areas where there are displaced to threaten
them.’ More generally, a UN-sponsored workshop on the status of IDPs in 1999 noted: ‘On
numerous occasions, IDPs have been attacked by armed actors. Accused of supporting one
armed group or another, IDPs have been tracked down either in collective settlements or
in neighborhoods with a high concentration of displaced people’ (Internal Displacement in
Colombia: Summary Report of the Workshop on Implementing the Guiding Principles on
Internal Displacement, 1999).
These accounts lend support for the interpretation of the quantitative analyses: an increase
in the arrival of IDPs to a municipality, and of IDPs from the same area, is associated with a
higher likelihood of a massacre because the IDPs themselves are targets of collective violence.
The examples also illustrate the point that as IDPs cluster together in new settlements, they
attract the attention and violence of armed groups.

5

Conclusion

This article has provided a theory to account for why and how IDPs face collective violence,
even in non-ethnic civil wars. I argue that armed groups are likely to target displaced civilians
depending on where and when they left their homes, and how they resettle. When civilians’
origins – and by extension, their loyalties – can be detected, they are likely to resettle with
others like them. While this strategy may reduce a household’s vulnerability to violence,
it increases the group’s risk. I test implications of the argument and find that an increase
in the arrival of displaced people also leads to an increase in the probability of collective
targeting, indicated by massacres. For an average municipality, a nearly 3-fold increase of
IDP households leads to an estimated 20% increase in the probability of a massacre. The
impact is also positive and significant when arriving IDPs cluster together, as indicated by
the proportion of IDPs to municipalities of origin. As the ratio increases by another ten
households per place of origin, the probability of a massacre increases by 14-20%. The
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findings contribute to the growing body of literature on refugee and IDP security and the
spread of violence. Incorporating resettlement also improves our understanding of variation
in mass violence, and reflects a more complete view of local-level dynamics within civil wars.
Three directions in future work could build on the findings here. First, the conditions
under which an armed group would pursue civilians beyond the community of displacement
should be specified. While IDPs clustering together could be an easy target, it does not
mean that they will become one. One possibility is that local receptor communities prevent
collective targeting of resettled IDPs. Second, as described in the Data section, the massacre
data in these analyses are not disaggregated by actor. While the theory is agnostic about
the type of armed actor more likely to perpetrate collective targeting, future refinements
could develop extensions, perhaps depending on the form of warfare or stage in the war.
However, to test more precise expectations along these lines, the data would have to be
more reliable. Third, this work is consistent with IDPs being targeted for their presumed
association with an armed group because the time frame between arrival and targeting tested
here is relatively short. However, it does not rule out the possibility of another, longer-term
dynamic: IDPs could join armed groups or actively work for them in the new location, as
a reaction to targeting initially, a pattern with some empirical support elsewhere (Bohnet,
Cottier and Hug, 2013; Muggah, 2006). Future work could further study this possibility and
its relevance for IDP security.
The findings also have policy implications. Many IDPs do not escape violence by fleeing,
at least initially. Rather, resettlement can trigger further violence and endangerment. Even
though the risk of violence that IDPs face may be lower in their new communities than in
their origin communities, it is still an important concern. As a result, IDPs need security
as well as humanitarian assistance, similar to what others have argued for refugees (Lischer,
2005; Terry, 2002). The results also suggest that at least in some contexts, the larger
the settlement of IDPs, the less danger of attacks. Though there are trade-offs to larger
settlements of the displaced, it may enhance the safety of IDPs in contexts in which violence
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is motivated by strategic rather than retributive reasons.
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Table I: IDP arrivals and the probability of a massacre
A

B

(1)
BTSCS

(2)
FE

0.341∗∗∗
(12.82)

0.0681∗
(2.213)

(3)
BTSCS

(4)
FE

(6)
FE
0.0405
(1.228)

Homicides, t-1

0.0177†
(1.875)

0.0129
(1.366)

FARC events, t-1

0.00606∗
(2.027)

0.00448
(1.420)

Paramilitary events, t-1

0.0331∗∗∗
(3.356)

0.0322∗∗
(3.210)

FARC events, cum. t-1

0.0000928
(0.487)

−0.000626∗∗
(−2.616)

Paramilitary events, cum. t-1

0.00108
(1.432)

−0.000931
(−1.027)

NBI

0.00156
(0.662)

ICA

0.00000428∗∗∗
(4.218)

Area, km2

0.0000178
(1.495)

0.0883∗∗
(2.847)

(5)
BTSCS
0.195∗∗∗
(6.883)

IDP hh, t-1 (log)

0.223∗∗∗
(8.086)

C

0.00149
(0.640)
0.00000392∗∗∗
(3.805)

0.00000421∗∗∗
(3.993)
0.0000163
(1.398)

Elevation, km

−0.0238
(−0.603)

−0.0208
(−0.540)

Distance to dept. capital, km

−1.429
(−1.644)

−1.444†
(−1.696)

Population 1993 (log)

0.233∗∗∗
(6.243)

0.229∗∗∗
(6.156)

Paved roads, 1995, 1000s km

0.00203∗∗∗
(4.614)

0.00175∗∗∗
(4.013)

Timecount

−0.0611∗∗∗
(−6.983)

Observations
LR chi2
Prob > chi2

118498
316.064
0.000

t statistics in parentheses
Splines not reported.
†
p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01,

∗∗∗

p < 0.001

−0.0597∗∗∗
(−6.729)
45360
4.875
0.027

99576
546.475
0.000

0.00000501∗∗∗
(4.614)

−0.0619∗∗∗
(−6.785)
45252
19.328
0.000

98654
610.352
0.000

44619
49.103
0.000

Table II: IDP arrivals and the probability of a massacre

IDP hh, t-1 (log)

(1)
First Stage, DV=Spatial lag

(2)
Second Stage, DV=Massacre

0.0438∗
(2.474)

0.120∗∗
(3.816)
1.506∗∗
(6.744)

Predicted spatial lag
Homicides, t-1

-0.0000969
(-0.0110)

0.0170
(1.802)

0.00478∗
(2.298)

-0.00182
(-0.557)

Paramilitary events, t-1

0.0116
(1.481)

0.0127
(1.226)

FARC events, cum. t-1

-0.0000620
(-0.467)

0.000206
(1.074)

Paramilitary events, cum. t-1

0.000119
(0.178)

0.00107
(1.402)

NBI

0.00226
(0.753)

-0.00206
(-0.862)

ICA

0.00000376∗∗
(2.585)

-0.00000146
(-1.044)

0.0000155
(0.867)

-0.00000716
(-0.589)

Elevation, km

-0.0867
(-1.784)

0.110∗
(2.572)

Distance to dept. capital, km

-1.025
(-0.964)

0.0820
(0.0929)

Population 1993 (log)

0.241∗∗
(7.075)

-0.134∗
(-2.005)

Paved roads, 1995, 1000s km

0.00349∗∗
(5.368)

-0.00351∗∗
(-3.854)

IDP hh, t-1 (log), spatial lag

0.00337
(0.462)

-0.000446
(-0.0353)

-0.000265∗∗
(-3.026)

0.000310∗
(2.050)

FARC events, t-1, spatial lag

0.000761
(0.552)

0.00524∗
(2.218)

Paramilitary events, t-1, spatial lag

0.00370
(0.745)

0.00512
(0.566)

Paramilitary events, cum, t-1, spatial lag

0.000408
(1.003)

-0.00108
(-1.896)

Observations
LR chi2
Prob > chi2

98654
474.454
0.000

98654
628.294
0.000

FARC events, t-1

Area, km2

FARC events, cum, t-1, spatial lag

t statistics in parentheses
Splines, timecount not reported.
∗
p < 0.05, ∗∗ p < 0.01

Table III: IDP arrivals per origin and the probability of a massacre
A
(1)
BTSCS
IDPs per origin, t-1
IDPs per origin, t-1, standardized, sq

1.24110∗∗
(5.30328)
0.99499∗∗
(−3.40450)

B
(2)
FE
1.16764∗∗
(3.95078)
0.99670∗
(−2.50248)

(3)
BTSCS
1.23110∗∗
(5.15356)
0.99532∗∗
(−3.25333)

C
(4)
FE
1.16951∗∗
(3.98768)
0.99665∗
(−2.52896)

(5)
BTSCS
1.20811∗∗
(4.67846)
0.99581∗∗
(−2.96362)

(6)
FE
1.14548∗∗
(3.49865)
0.99715∗
(−2.25795)

Homicides, t-1

1.02458∗
(2.56680)

1.01370
(1.44847)

FARC events, t-1

1.00749∗
(2.55642)

1.00428
(1.34736)

Paramilitary events, t-1

1.03615∗∗
(3.58931)

1.03070∗∗
(3.03270)

FARC events, cum. t-1

1.00012
(0.59948)

0.99939∗∗
(−2.57878)

Paramilitary events, cum. t-1

1.00080
(1.02794)

0.99900
(−1.11094)

NBI

1.00019
(0.074463)

1.00015
(0.062995)

ICA

1.00000∗∗
(3.27543)

Area, km2

1.00002
(1.76552)

1.00002
(1.62779)

Elevation, km

0.95056
(−1.17110)

0.95652
(−1.06685)

Distance to dept. capital, km

0.14475∗
(−2.10827)

0.15484∗
(−2.10598)

1.00000∗∗
(3.41650)

1.00000∗∗
(3.32786)

Population 1993 (log)

1.38484∗∗
(7.99579)

1.36191∗∗
(7.80987)

Paved roads, 1995, 1000s km

1.00249∗∗
(5.36781)

1.00214∗∗
(4.73281)

0.94311∗∗
(−6.59125)

0.94010∗∗
(−6.74441)

Timecount

0.94347∗∗
(−6.64730)

Observations
LR chi2

118498
0.000

Exponentiated coefficients; t statistics in parentheses
Splines not reported.
∗
p < 0.05, ∗∗ p < 0.01

45360
0.000

99576
0.000

45252
0.000

98654
0.000

1.00000∗∗
(4.48221)

44619
0.000

Table IV: IDP arrivals and the probability of a massacre
(1)
First Stage, DV=Spatial lag

(2)
Second Stage, DV=Massacre

IDPs per origin, t-1

0.98283
(-0.92479)

1.19810∗∗
(4.10973)

IDPs per origin, t-1, standardized, sq

1.00031
(0.88255)

0.99580∗∗
(-2.92236)

Homicides, t-1

1.00173
(0.19521)

1.02124∗
(2.22652)

FARC events, t-1

1.00451∗
(2.15774)

0.99964
(-0.11466)

Paramilitary events, t-1

1.01062
(1.33785)

1.01606
(1.55366)

FARC events, cum. t-1

0.99995
(-0.37925)

1.00022
(1.12166)

Paramilitary events, cum. t-1

1.00005
(0.069483)

1.00096
(1.23064)

NBI

1.00151
(0.50330)

0.99762
(-0.98926)

ICA

1.00000∗
(2.42826)

1.00000
(-1.27874)

Area, km2

1.00002
(0.92521)

0.99999
(-0.47169)

Elevation, km

0.91393
(-1.85350)

1.09769∗
(2.02497)

Distance to dept. capital, km

0.31433
(-1.08741)

0.88580
(-0.13202)

Population 1993 (log)

1.27680∗∗
(7.17267)

0.93666
(-0.94362)

Paved roads, 1995, 1000s km

1.00361∗∗
(5.55734)

0.99664∗∗
(-3.52765)

FARC events, cum, t-1, spatial lag

0.99973∗∗
(-3.14684)

1.00027
(1.72375)

FARC events, t-1, spatial lag

1.00106
(0.77173)

1.00551∗
(2.36655)

Paramilitary events, t-1, spatial lag

1.00455
(0.91819)

1.00754
(0.84893)

Paramilitary events, cum, t-1, spatial lag

1.00038
(0.93073)

0.99901
(-1.72240)
4.55321∗∗
(6.67410)

Predicted spatial lag
Observations
LR chi2
Prob > chi2
Exponentiated coefficients; t statistics in parentheses
Splines, timecount, and covariate lags not reported.
∗
p < 0.05, ∗∗ p < 0.01

98654
608.568
0.000

98654
566.632
0.000
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Figure 1: Internal Displacement in Colombia, 1991-2006
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Figure 2: IDP arrivals and the Probability of a Massacre
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Figure A: IDP arrivals and the probability of a massacre, by time lag

The theory does not have a clear expectation about how long the lag between resettlement and violence should be, so a
one-month lag is somewhat arbitrary. To explore how the results change depending on the time past, I also plot the effect of
IDP arrivals one to five months prior on the probability of a massacre. Figure 6 plots the coefficients of shows that the first
three months of IDP arrivals are associated with a higher substantive effect on the probability of observing a massacre, but
after about four months in the municipality, the new IDPs have less of an association with massacres, though the effect remains
statistically significant. Varying the time lags of IDPs per origin similarly shows a dampened association three months after
the IDPs arrive. The coefficient plots are based on the full BTSCS models from Tables 2 and 4. This variation in the impact
of both variables over time suggest that IDPs are most at risk very soon after resettlement.
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Figure B: IDPs per Origin and the probability of a massacre, by time lag
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Table A: Descriptive statistics

Massacre dummy
Massacres
IDP households arriving
IDP households, logged
Number of IDPs’ origin municipalities
IDPs per origin
FARC events 1998-2006
FARC events
Paramilitary events 1998-2006
Paramilitary events
homicide
Area, km2
Distance to dept capital, km
Elevation, km
Population (Natural Log), 1993
Roads, 1995, 1,000 km
Basic needs unsatisfied index, 1993
Commercial taxes collected, 1,000s
N
Unit of analysis is municipality/month.

Obs.
118548
118548
118548
118498
118548
118498
118548
118548
118548
118548
118557
118557
118445
113943
118548
99900
118449
110484
118557
n=1,113.

Mean
0.010
0.011
4.524
0.501
1.690
0.888
36.336
0.551
6.449
0.094
0.148
1017.078
0.081
1.183
9.034
69.826
55.820
207.409
T=108.

Std. Dev.
0.099
0.120
31.589
0.981
9.010
10.192
128.410
4.190
25.188
0.991
0.976
3220.736
0.060
1.162
2.397
86.812
21.437
7379.601

Min.
0.00
0.00
0.00
0.00
0.00
0.00
0.00
0.00
0.00
0.00
0.00
2.00
0.00
0.00
0.00
0.00
9.15
0.00

Max
1.00
6.00
2061.00
7.63
389.00
1042.00
2398.00
360.00
699.00
78.00
76.00
65674.00
0.49
25.22
15.50
962.60
105.29
479521.62

Table B: IDP arrivals and the probability of a massacre, rare events models
(1)
IDP hh, t-1 (log)

(2)
∗∗

(3)

(4)
∗∗

1.59708
(17.2568)

(5)

(6)
∗∗

1.29456
(4.72455)

1.22792
(3.67410)

IDPs per origin, t-1

1.43869∗∗
(4.80491)

1.29914∗∗
(4.78158)

1.26181∗∗
(4.46725)

IDPs per origin, t-1, standardized, sq

0.99024∗
(-2.22219)

0.99406∗
(-2.28222)

0.99490∗
(-2.15929)

Homicides, t-1

1.03724∗∗
(4.96239)

1.04711∗∗
(4.76433)

FARC events, t-1

1.00585∗∗
(2.86252)

1.00738∗∗
(3.65260)

Paramilitary events, t-1

1.03328∗∗
(3.18676)

1.03633∗∗
(3.26783)

FARC events, cum. t-1

1.00015
(1.03823)

1.00018
(1.18090)

Paramilitary events, cum. t-1

1.00182∗∗
(5.00041)

1.00193∗∗
(5.66018)

Area, km2

1.00001
(1.87712)

1.00001∗
(1.96576)

1.00001
(1.69576)

1.00001
(1.88226)

Distance to dept. capital, km

0.39083
(-1.43019)

0.17906∗
(-2.47775)

0.31970
(-1.77492)

0.17075∗∗
(-2.71171)

Elevation, km

0.96768
(-0.75518)

0.94204
(-1.22706)

0.97780
(-0.70665)

0.95966
(-1.15334)

Population 1993 (log)

1.24870∗
(2.23940)

1.51506∗∗
(4.74624)

1.23782∗
(2.15477)

1.41643∗∗
(3.91449)

Paved roads, 1995, 1000s km

1.00129∗∗
(3.04037)

1.00150∗∗
(3.12832)

1.00090∗
(2.24977)

1.00108∗
(2.42661)

Basic needs unsatisfied index

1.00228
(0.78786)

1.00125
(0.39000)

1.00278
(0.97388)

1.00159
(0.49551)

ICA

1.00000∗∗
(3.19939)

1.00000∗∗
(2.67301)

1.00000∗∗
(3.75034)

1.00000∗∗
(3.44058)

Timecount
Observations
LR chi2
Prob > chi2

0.91505∗∗
(-6.43164)

0.89348∗∗
(-6.02548)

0.92110∗∗
(-6.14954)

0.92019∗∗
(-6.13428)

0.92097∗∗
(-5.77780)

0.92027∗∗
(-5.68352)

118498

118498

99576

99576

98654

98654

Exponentiated coefficients; t statistics in parentheses
Splines, timecount not reported. All models Rare Events Logit, with errors clustered at the municipal level.
∗
p < 0.05, ∗∗ p < 0.01

Table C: IDP arrivals and forms of violence
(1)
Massacres

(2)
Massacre rate

(3)
Homicides

IDP hh, t-1 (log)

1.18613∗∗
(5.96475)

1.12397∗∗
(3.63024)

1.22587∗∗
(20.4630)

Homicides, t-1

1.00759
(1.11835)

1.02724∗
(2.17420)

1.05669∗∗
(40.4810)

FARC events, t-1

1.00670∗∗
(2.90623)

1.00584∗
(2.11310)

1.00564∗∗
(7.52813)

Paramilitary events, t-1

1.02642∗∗
(3.43199)

1.03907∗∗
(4.36386)

1.01303∗∗
(4.26617)

FARC events, cum. t-1

1.00005
(0.25172)

0.99998
(−0.079030)

1.00002
(0.32073)

Paramilitary events, cum. t-1

1.00038
(0.53982)

1.00295∗∗
(3.26195)

0.99952
(−1.70796)

Basic needs unsatisfied index

1.00135
(0.50041)

1.00360
(1.44421)

1.00071
(0.49445)

ICA

1.00000∗∗
(4.55377)

1.00000
(0.86734)

1.00000∗∗
(6.34687)

Area, km2

1.00002
(1.37724)

1.00000
(−0.36640)

1.00003
(1.78677)

Elevation, km

0.96458
(−0.78698)

0.99226
(−0.20591)

0.90942∗∗
(−4.20242)

Distance to dept. capital, km

0.13951
(−1.95375)

0.028947∗∗
(−3.73495)

0.40066
(−1.84683)

Population 1993 (log)

1.26822∗∗
(6.13580)

3.83795∗∗
(19.2784)

1.06490∗∗
(3.85377)

Paved roads, 1995, 1000s km

1.00258∗∗
(4.07553)

1.00110∗
(2.11441)

1.00122∗∗
(4.96510)

Observations
LR chi2
Prob > chi2

98654
288.144
0.000

98654
899.159
0.000

98654
2920.566
0.000

Exponentiated coefficients; t statistics in parentheses
All models estimated as negative binomials. Coefficients reported as Incidence Rate Ratio to ease interpretation.
∗
p < 0.05, ∗∗ p < 0.01

Table D: IDP arrivals per origin and forms of violence
(1)
Massacres
IDPs per origin, t-1
IDPs per origin, t-1, standardized, sq

(2)
Massacre rate

(3)
Homicides

1.19285∗∗
(5.08424)

1.18191∗∗
(4.60975)

1.05746∗∗
(4.48101)

0.99627∗∗
(−3.09573)

0.99655∗∗
(−2.73753)

0.99918∗∗
(−3.57485)

Homicides, t-1

1.01187
(1.79973)

1.03214∗∗
(2.66183)

1.05957∗∗
(41.1681)

FARC events, t-1

1.00753∗∗
(3.35317)

1.00626∗
(2.32602)

1.00669∗∗
(9.24941)

Paramilitary events, t-1

1.02782∗∗
(3.66631)

1.03712∗∗
(4.27125)

1.02018∗∗
(6.75270)

FARC events, cum. t-1

1.00005
(0.23503)

Paramilitary events, cum. t-1

1.00023
(0.32759)

1.00290∗∗
(3.22141)

0.99926∗∗
(−2.62473)

Basic needs unsatisfied index

0.99982
(−0.065576)

1.00320
(1.28233)

0.99844
(−1.07009)

ICA

1.00000∗∗
(3.71037)

1.00000
(0.61520)

Area, km2

1.00003
(1.54100)

1.00000
(−0.27058)

1.00004∗
(2.01434)

Elevation, km

0.94328
(−1.23770)

0.98245
(−0.47068)

0.88646∗∗
(−5.14930)

Distance to dept. capital, km

0.10750∗
(−2.16676)

0.024627∗∗
(−3.88821)

0.18643∗∗
(−3.47247)

0.99998
(−0.11320)

0.99997
(−0.42838)

1.00000∗∗
(4.11108)

Population 1993 (log)

1.32901∗∗
(6.60565)

4.09988∗∗
(21.6773)

1.12132∗∗
(7.63935)

Paved roads, 1995, 1000s km

1.00318∗∗
(4.73634)

1.00122∗
(2.35806)

1.00161∗∗
(6.46414)

Observations
LR chi2
Prob > chi2

98654
296.259
0.000

98654
944.399
0.000

98654
2499.076
0.000

Exponentiated coefficients; t statistics in parentheses
All models estimated as negative binomials. Coefficients reported as Incidence Rate Ratio to ease interpretation.
∗
p < 0.05, ∗∗ p < 0.01

